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Study on fish movement monitoring method based on image processing

YUAN Yongmingl’z, SHI Pei'

(1. National Special Freshwater Fishery Industry Research Center; Freshwater Fisheries Research Center, Chinese Academy of
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Abstract: Observation of fish behavior provides rich visual information for fish health monitoring. However, the method of monit-

oring the fish behavior by manual marking is time-consuming and inefficient. In order to solve the problem of fish behavior monitor-

ing, a method of monitoring tilapia movement based on image processing is proposed. These fish movement videos were first collec-

ted by computer and CCD camera, and then pretreated by graying and filtering. The Canny detection algorithm improved by Otsu

was used to extract the edge of fish. Based on modelling the motion of fish school and combining the objective matching algorithm,

the tracking and monitoring of fish school can be realized well. The results show that the individual detection rate of fish school was

98.96%, and the trajectory available factor (TAF) was 97%. The proposed algorithm can improve monitoring performance, better

than Kalman algorithm, and can realize fish school tracking and monitoring.
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